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Abstract. A new concept in generalized convexity, called higher order (C «,y,p,d) type-I functions, is
introduced. To show the existence of such type of functions, we identify a function lying exclusively in
the class of higher order (C,a,y,p,d) type-I functions and not in the class of (C,a,p,d) type-I functions
already existing in the literature. Based upon the higher order (C,a,y, p,d) type-Ifunctions, the optimality
conditions for a feasible solution to be an efficient solution are derived. A higher order Schaible dual has
been then formulated for nondifferentiable multiobjective fractional programs. Weak, strong and strict
converse duality theorems are established for higher order Schaible dual model and relevant proofs are
given under the aforesaid function.

1. Introduction

It is known that the higher order dual contains a number of parameters which give it a computational
advantage over the first order dual. This is due to the reason that higher order dual provides tighter
bounds for the value of the objective function, whenever approximations are used. Second and higher
order dual programs for nonlinear programs were introduced by Mangasarian [16] by taking the non-linear
approximations of the objective function and the constraints. Second order dual models were studied by
Ahmad [2] and Gupta [6], whereas in [1, 4, 5, 20] the higher order dual models were discussed.

Fractional programming problems have been of better utility in real life, as ratio optimization often describe
an efficiency measure for a system. In last few years, Schaible dual has been extensively used for fractional
programs. A dual program of such kind for a nonlinear fractional problem is first developed by Jagannathan
[10] and the duality results were further improved by Schaible in [18] and [19]. It was done by converting a
fractional program to a convex program, for which the solutions techniques already existed. Multiobjective
fractional programming problems are being widely used in optimization theory due to their practicability.
A large number of optimality and duality theorems have been established for these problems since their
introduction in literature. The Schaible dual for nondifferentiable multiobjective fractional programming
problems was discussed in [1, 20].

Due to the fact that not all properties of convex functions are required to set up sufficiency and duality
theorems, there has been an increasing interest in generalization of the concept of convexity in view of
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optimality and duality results. Keeping this in view several new classes of generalized convex functions
have been introduced in [9, 11, 15, 17]. Integrating the above concepts of generalized invexity, (F, a, p, d)
- convex function where F is a sublinear functional was defined by Liang et al. [12] and their optimality
and duality results for a nonlinear fractional programming problem were proved. Later, in [13] three dual
models for multiobjective fractional program were proposed. Further generalizing the concept of sublinear
functional, the definition of (C, &, p, d) - convex function, where C being a convex function, was introduced in
[22] and the optimality and duality results for a minimax fractional programming problem were obtained.
Chinchuluun et al. [3] studied different dual models for multiobjective fractional programming problems.
The Mond-Weir dual for a nondifferentiable multiobjective fractional program was established by Long [14].
Later Dubey et al. [4] defined new type of function called higher order (C, a, y, p, d) - convex function and
studied the optimality and duality results for a nondifferentiable multiobjective fractional programming
problem.

In [8] a new class of generalized (F, a, p, d) type-1 functions was introduced and sufficient optimality and
duality results for nonlinear multiobjective programming problem were obtained. Second order duality
results for two dual models of non-differentiable minimax programming problems, which involve second
order (F, a, p, d) type-I convex functions were established in [2]. These were further generalized by Gupta et
al. [6] tosecond order (C, a, p, d) type-I convex functions and second order dual models for nondifferentiable
minimax fractional programming problems were formulated.

We are motivated by the earlier work given in [12], [8] and [4] to consider the optimality conditions and
duality theorems for nondifferentiable multiobjective fractional programming problems from the viewpoint
of (C a,y,p,d) type-I convexity assumptions.

This paper is organized as follows. Section 2 comprises some basic definitions along with the definition
of higher order (C, «,y,p,d) type-I function, an example of such type of functions and formulation of a
nondifferentiable multiobjective fractional program. Necessary and sufficient optimality conditions for this
program are given in Section 3. In Section 4, the formulation of higher order dual model along with weak,
strong and strict converse duality theorems are given.

2. Preliminaries

Definition 2.1. [22] A function C : X x X x R" — R(X € R") is said to be convex on R" with respect to third
arqument if and only if, for any fixed (x,u) € X x X and for any a1, a, € R",

C(x,u)(/\al + (1 - A)a2) < /\C(x,u)(al) + (1 - /\)C(x,u)(DKZ)/ A€ (0/ 1)

Assume that C(,)(0) = 0, for every (x,u) € X x X. Now, we introduce the definition of higher order
(Ca,y,p,d) type-Ifunction. Let¢p : X — R¥ and % : X — R" be differentiable functions on X. Assume that
Fi,H;: XxR" - R are differentiable functionson X. a = (aj,..,a},a3,..,ay,), d = d}, ... d.,d3,..,d3), p =
(P1r s P P37 oo P a},y},a}z., 7/]2. : XxX = R, \{0} and d},djz, : XxX — R, satisfying d(x,x9) =0 & x = xg

and p,q,r,s€R",i=1,2,..k j=1,2,.,m.

Definition 2.2. The function (¢, h) is said to be higher order (strictly) (C,a,y,p,d) type-I at u with respect to
F pandr and H, g and s respectively, if for each x € X,

L 60 - o] 2 () Con(V V,F L P -vE P, 1)

o (x10) [P(x) = p(u)] 2 (>) Ciuy(Vp(u) + V,F(u, p)) + T, u)[ (u,r) =1 V,F(u,1)] + A
1 T p*d*(x, u)

m(—h(u)) 2 (>) Ciu(Vh(u) + V;H(u, 9)) + 72(x, ) [H(u,s) —s" VsH(u,s)] + W.

Note that, for a, b, c € RF,

amby by ﬂkbk)T
0 e 1 o

1. the symbol % denotes (
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2. =L denotes (””bl,”z;bz, ””bk)T And ab = (a1by, azby, ..., axb)”

3. the symbol Cy,.)(Vp(u) + V,F(u, p)) means vector
T
(Com(Vpr(w) + V,Fr(ut, p)), Coau)(Vpa() + VoFa(tt, p)), -y Coaaf(VPit) + Vit p)))

Remark 2.3.

(i) If Fi(u,-) =0and Hj(u,-) = 0 then the definition (2.2) becomes that of (C,a, p,d) type-I as defined by Yuan
etal [21].

(if) For Fi(u,") = L(IV2F)(), ax,u) = y(x, 1), Hi(w, ) = L(V2,)(), p = r and q = s.
(a) If k =1,m =1 then definition (2.2) becomes second order (C,a, p,d) type-I function given in [6].

(b) If C is sublinear with respect to third variable then the above definition becomes the definition of second
order (F,a,p,p,d) type-I given by [7]. In addition to that, if p = 0 and q = 0 the function defined above
becomes (F, o, p,d) type-I function given in [8].

Example24. Letk=1,m=1,X=R*CR, ¢ : X >R, h: X >R, C: XXxXXR->R, FH:XXR —
R, d},d?: X X X — R* be defined as follows

_ (x+ 1)+ x? - 3sin?(x)

P(x) = o] , h(x) = exp(x) — x*, d',d* = (x — u)?,
F y= O H(u,-) =2()*(u+1), Cpou _z
(u/)_u+1r (ur)_ () u )r (x,u) LZ)— 10

For a = (a!,a%),p = (p%, p?), 7 = 1, v%). Leta = (3/4,1), y = (3/4,1),p=(1,-1),p=r=qg=s=-1. Ata
pointu =0, forall x € X,

W= m[qb(ao—qb(u)]— (Vo) + VF(u, p)) — (1 )[F(u ;1) = 1"V, F(u,1)]
p'd' (x, u)

"~ al(x,u)

_ il[(x+1)4+x2—3sin2(x) _ (0+1)4+02—3sinz(0)]_C (3+2_p)
3 x+1 0+1 GOV 0+1
_é[ 72 L ]_4_3(2

3[0+1 0+1 3
4, .2 2 2 2
A e (3] 4
_é[(x+1)4+x2—3sin2(x)—x—1]_l+4 4x?
3 a+1) 10733
40x +120x° + 240x% + 157x — 12051n2(x)+37 50, VrxeX
30(x+ 1)

as can be seen from figure 1(insert figure, named Fig1).

p?d?(x, u)

[H(u,s) - s"ViH(u,s)] - 200, 1)

az(x )( h(u)) = Cau)(Vh(u) + V4H(u, q)) —

=0.1+x%

y2(x, u)

It is clear that the above function is always positive. So we have (¢, h) is higher order (C,a,y, p,d) type-1 at u = 0.
But for x = 0.1 the above function is not (C, o, p, d) type-Iat u = 0.
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Figure 1: Graph of ¥

Definition 2.5. Let C be a compact convex set in R". The support function S(x|C) of C at x is defined by
S(x|C) = max {xTny e C}.

Such functions are convex and everywhere finite. So its subdifferential is given as
dS(x|C) = {z € C:xTz = S(x[C)}.

Let us consider a nondifferentiable multiobjective fractional programming problem

fi(x) +S(xIC1)  fa(x) + S(xIC2) fi(x) + S(xICy) }
g1(x) = S(xID1)” g2(x) = S(xID2)" """ gr(x) — S(xIDy)

(MEP)  Min F(x) = {

subject to
h]'(x) + S(X|Ej) <0,j=12,..,m.
Feasible set is defined as X° = {x € X C R" | hj(x) + S(x|Ej) <0, j=1,2,...,m}.
Where C;,D; andEj fori =1,2,..,k,j = 1,2,...,m are compact convex sets in R". S(x|C;), S(x|D;), S(x|E;)
denote support functions of convex sets C;, D;and E; respectively, for i = 1,2,..,k ,j = 1,2,..,m. And
fi» gi, hj are continuously differentiable functions in R". fi(-) + S(:|C;) > 0 and g;(*) — S(|D;) > 0.

Definition 2.6. [4] A point u € X° is weakly efficient solution of (MFP), if there exists no x € X° such that for
every i=1,2,.k,

fi) +SIC) _ filw) + S@IC)

gi(x) = S(xIDy)  gi(u) — SID;)’
Definition 2.7. [4] A point u € X° is said to be an efficient solution of (MFP), if there exists no x € X° such that
forevery i=1,2,...,k,

fit) +SMC) _ filu) + SmICi)
gi(x) = S(x|D;) ~ gi(u) — S(ulD;)
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and for some r = 1,2, ..., k,

£+ SGIC) _ ) + S
gr(x) - S(X|D,) gr(u) - S(ulDr)‘

Lemma 2.8. [20] If u is efficient solution of (MFP), then u solves (FPg) for each r = 1,2, ...,k where (FPg) is given as

fr(x) + S(x|C)

FP Min —————
(FFp) M )~ 5(iD,)

. f@+SEC) .
subject to 719 = SGIDY) <Bi, i=12,.,ki#r,

hi(x) + S(E;) <0, j=1,2,...,m,

_ filw) + S(u|Cy)
where fi = ) = s@iD)
Now since gi(-) — S(:|D;) > 0, forall i =1,2,..., k therefore (FPg) can be rewritten as
fr(x) + S(xIC,)

1 .
(FFp)  Min )~ 5(D,)
subject to fi(x) + S(C;) = Bi(gi(x) = SxID;)) <0, i=1,2,..k i#r,
hj(x) + S(x|Ej) <0, j=1,2,..,m.

Lemma 2.9. [20] u is efficient solution of (MEP) if and only if u solves (FP%)for each v = 1,2,...,k, where p; is
defined as above.

3. Optimality Conditions

Theorem 3.1. (Necessary Optimality Condition) [4] Assume that u is an efficient solution of (MFP) and Slater’s

constraint qualification is satisfied on X. Then there exist A € R, pueR" zeR, v e R, wj e R", i =
1,2,..,k j=1,2,..,m, such that

) filu) + MTZi
1V@mn—ﬂu

i
)

) + Z wiV(hi(u) + uij) =0,
j=1

y]-(hj(u) + MTZU]') =0,

.MS

Il
—_

i
u'z; = SuIC;), u'v; = S(uIDy), u"wj = S(ulE)),
z; € C;, v; € D;, w; € Ej, Ai >0, ijO.

Theorem 3.2. ( Equivalent Necessary Optimality Condition) Assume that u is an efficient solution of (MFP)

and Slater’s constraint qualification is satisfied on X. Then there exist A € R*, u € R", z; € R", v; € R", w; €
R", i=1,2,..,k j=1,2,..,m, such that

k
MV (fiw) + u'zi) = BiV(gi(u) — u'vy))
i=1
+ ) Vi) + uTw)) =0, (1)

=1
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filw) + u'z; — Bi(gi(u) — u"v;) =0, )
Y wilhiw) + u"w)) =0, (3)
j=1

ulz; = SIC;), u'v; = S(uID;), u'w; = S(uIE)), 4)
z; € C;, v; € D;, w; € E]', Ai >0, Ui > 0. (5)

Theorem 3.3. (Sufficient Optimality Condition) Let u be a feasible solution of (MFP). Assume that there exist
Ai>0and uj 20, fori=1,2,..,k, j=1,2,..,m, such that equivalent necessary optimality conditions (1)-(5)
hold. Let forany i=1,2,...,k, j =1,2,...,m, the following hold

1) (fC)+ )z h() + ()Tw) is higher order (C, a, y, p, d) type-I with respect to K, p, r and H, q, s respectively,
(ii) (—(9()—()T0), h(-)+()Tw) is higher order (C,a, v, p, d) type-l with respect to —G,p,r and H,q,s respectively,

/\ip}dl.1 (x, 1)

2
pjp;d;(x, u) >0
a}(x,u)

ac]z(x, u)

(iii) YX, A+B)+ L

(iv) y}x,u) = &(x,u), a?(x, u) = C(x, u) and y}z,(x, u) = o(x,u),

(v) Ly wi(Hj(u,s) = s"VsHj(u,s)) 2 0, Yo AiKi(u, 1) = TV, Ki(u, 1) = Bi(Giu, ) — 17V, Giu, 1)) = 0 and
Yo Ai(VpKi(w, p) = BiV,yGilu, p)) + Lty 1VH;(u, ) = 0.
Then u is an efficient solution of (MFP).

Proof If u is not an efficient solution, then there exists some x € X such that the following holds.

fi(x) + S(x|Cy) < fi(u) + S|C;)
7 = S(D) = )~ S@IDY’ o
£+ S@IC) _ fu) + SC) i

0,09~ SGID,) < g - s@Dy  [OrIOmer =2k

For some z; € C; and v; € D;, it is given that u'z; = S|C;), uTv; = Sw|D;), i=1,2,...,k gives

fi(x) + xTz;  fid) + S(xIC)) - fiw) + SWIC)  filw) +uz
gi(x) — xTv; ~ 9i(x) = S(IDy) T gi(w) = SWIDy)  gi(u) — uTv;

[ +x'z [0 +SHC) _ fiw) +SMIC) _ filw) +u'z

foralli=1,2,...k,

= Bi, foralli=1,2,..,k,

< = =B, forsomer=1,2,..,k,

9r(x) —x"v, ~ 9:() =S&IDy) g, () = SWIDy) g, (u) - u"o, P

so that
T
i(x) + i .

f(x)—xTz < Bi foralli=1,2,...,k

gi(x) —x"v;
and

fr(x) + xTz,

— <P, forsomer=1,2,..,k.
gr(x) —X Uy

As gi(x) = 5(x|D;) > 0 , so we get

fi(x) + xTz; — Bi(gi(x) - xTv;) <0, foralli=1,2,..,k
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and
fr(x) + xTz, — Br(g:(x) — xTv,) <0, forsomer=1,2,..,k.
For A; > 0 and a (x, u) € Ry \ {0},
5
Y o i) + 2Tz = i)~ 2T09) < 0 @)
o o (v, u)
Using hypotheses (i) and (ii) we obtain

filx) + x"zi = (fi(w) + u"z)

> Couy(V(fi(u) + u'z) + V,Ki(u, p))+

a; (x, u)
1 ’ R p}d}(x, i)
e e n) =K+ ®
—(a:(0) = xFo: — (g:(u) — ulo:
(gi(x) — x vll (gi(u) — u"v;)) > Coom(=Vigi(u) — uT09) = V, i, p))+
a; (x, u)
V}(x,u)( (Gi(u,r) =1 V,Gi(u, 1)) + Oz}(x,u) 9)
—(hiw) + uTw;)
W > Ciou(V(j(u) + u'w)) + V,Hj(u, q)+
22
1 T i (x, )
2(x D ———(H;(u,s) — s VsH;(u,s)) + —aj(x, " (10)
Adding the two inequalities (8) and (9) after multiplying (9) by B;, (B: = 0) i = 1,2, ..., k, we get
L () + 72— Bigi() — xTo) — () + 1Tz — Bigi(u) — uTvy)
a; (x, u)
> Clou(V(fiu) + u' i) + V, Ki(u, p)) + %(K,-(u, r) — r'V,Ki(u, 7))
Vi (e u)
1l (x,
+ i 11 by + BiCouu (= V(gi(u) - MTvi) - VpGi(u, p))
a; (x, u)
— ; . T Pi 1(.’)( u)
ﬁl?}(x, u) Gilu,r) = Vi Gilw, ) + fi= 5 == al(x,u) (11)

Multiply inequality (10) by u;(u; > 0), and (11) by A;(A; > 0), i =1,2,...,k, j = 1,2,...,m , then adding over
their ranges, we have

k
y 2 1( o w0+ 372 = B0 = x0) = () + "z = Bilgu) = ")
1

Z /

Z

=1
k
Z Ai [C(x u)(v fz(u) +u Zz) + V K; (M P)) + ﬁzC(x u)( V(g,(u) u Uz’) — va,‘(u, P))]
i=1
k
"Ly (1 1 (it ) = VK, 1) = Bi(Gitu, 1) = 11V, Giw, )
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k A i
Z P, i (x )(1 +Bi) + Z‘ [J]-C(xlu)(V(l’l]'(M) + uij) + Vqu(”/ 1)

o
= a(xu) =1

2d2
Z (H(us) sVH(us))+ZW—(xu).

= yi(x,u ]2.(x, u)

(12)
Taking T= Z, 1 /\i(l +Bi)+ Lt i=1Hj, s0T>0, d1v1de the equation by 7 and using convexity of C we obtain

Z i 0 2= B0, = xT0) = (filw) + 'z = Bilgi() — o)

i=1 i’

+ % Z ui(V () + uTw)) + V,H;(u, q) ] + Z (H (u,5) — STV, H(u, 5))

j=1 =1 w

k
+ ; % (x )(K i(u, 1) — TV, Ki(u, 7) - Bi(Gi(u,r) — TV, Gi(u, 7))

5 Aiphd] (x,u o33 (x, )
M ) ]Zl 2w (13)

It follows from hypotheses (iii) and (iv) that

k
Y oty ) 312 ) =)
i=1 i\

k

> o 1 D AT + 4720+ ¥y = V00 =172~ B9, Gt )

. Z (V0500 + ) + V0, 9)| +Z ) - TVH 1,9

+le; o U0+ 72— Bilai) — vz>>+Z T i+ ww)

+ Zk‘ - E(A 5 (il - TV, Ki(u, ) = Bi(Gi(u, 1) — 1TV, Gi(u, 1))). (14)

Further, using hypothesis (v) we have

k

i=1 i’

(ﬂ(x) +xz; = Bi(gi(x) = x"vy)

> i3 ZA(V<ﬂ<u>+u 2~ B0 - o) + ) 0 + )|

j=1
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k
+ Zf Ty 100+ 5= Bl —uTa) + C( = Z i) + u"w). (15)
Finally, using ﬁ(u) +ulz; — Bi(gi(u) — uTv;) = 0, ijl y]-(hj(u) +uTw;) = 0 and C ) (0) = 0, it follows that
k
Y o e+ 2z = pilai) — o) 2 (16)
Ta; (x

i=1
which contradicts (7). Hence u is an efficient solution of (MFP). O

4. Duality Model

In this section, we consider the higher order Schaible dual to (MFP):

(MFD)  Max B = (B1,B2, - Br)
subject to

ZA [V(fi(w) + u"z) = BV (gi(w) - u"vy) +ZuJV<h (u) +u w,)+ZA<v Ki(u, p)

j=1

—BiV,Gilu, p)) + Z w;V,Hi(u,q) = 0, (17)

=

K
Z Ai(fiu) + u"z; = Bi(gi(u) — u" o)) + (Ki(u, 1) — "V, Ki(u, 1)) = Bi(Gi(u, 1)
i1

—r'V,Gi(u,7))) = 0, (18)
Z wj(hi(u) + uij +Hj(u,s) - sTVsHj(u,s)) >0, (19)
=1
Ai>0, wp;j20, and B;20, for i=12.,k and j=1,2,..,m
Zi € C,‘, v, €D;, wj € Ej. (20)

Theorem 4.1. (Weak Duality Theorem) Let x € X% and (u, B, A u,z,v,w,p,q,1,5) be feasible solutions of (MFP)
and (MFD) respectively. Suppose that

i) (f() + )z h(-) + (-)Tw) is higher order (C,a,y, p, d) type-1 with respect to K, p, r and H, q, s respectively,
(i) (—(9()=()T0), h(-)+(-)Tw) is higher order (C, a, y, p, d) type-l with respect to —G,p,r and H,q,s respectively,

Apld (x, 1)
al(x,u)

(iv) o (x,u) = y}(x,u) = a(x,u) and a?(x, u) =

m tu]pz 2(x u)
(1 ﬁ) Z] 1 ?(x,u) ZO,

V2(x, u) = b(x, u).

]

(i) Ty

Then the following can not hold:

fi(x) + 5(xICy) <
gi(0) = S(IDy) ~
fr(x) + S(xICr)
9-(x) = 5(xIDy)

forall, i=1,2,..,k,
(21)
< Br forsomer=1,2,..,k.
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Proof Let if possible (21) hold. Then for A; > 0 and a(x, u) € R, \ {0}, forz; € C;and v; € D; fori = 1,2,....k
and using the definition of support function xz; < S(x|C;), xTv; < S(x|D;), we get the following
k

Z a(iiu) (fix) + x"z; = Bi(gi(x) — x"v;)) < 0. -
o1 "

Usiﬁg higher order (C,a,y, p,d) type-I convexity of (f(-) + (-)7z, h(-) + (-)Tw) with respect to K,p, and
H, g, s respectively and that of (—(g(-) — (-)7v), h(-) + (-)Tw) with respect to —G,p,r and H,gq,s respectively,
we have the following

fi) + 2"z = (fiu) + u'z)

> Cleuy(V(fi(u) + uTzi) + V,pKi(u, p))+

a}(x, u)
1 1
LK) - VK + BT g
Vi Lx, u) a; (x, u)
(g T (. _ T,
G100 =0~ G Z 00 i) — uTo) — VGl )+
a; (x, u)
1 7 pid;(x, u)
———(=(Gi(u, 1) = ' V,Gi(u,1))) § B , (24)
y;(x,u) a; Yx, u)
—(hj(u) + u"w;)
W > Coou (Vi (1) + uTw;) + V,H;(u, q)+
i o A
Z(x " ———(Hj(u,s) — s VsHj(u,s)) + a]z(x, D (25)
Multiply (24) by B:(i > 0), i = 1,2, ..., k, then adding (23) and (24), we get
———(fix) + x"zi = Bilgi(x) — x"vi) = (fi(w) + u"zi = ilgi(u) — u"v3)))
a; (x, u)
1 p pid; (x, 1)
J(,4(V(f,(u)+u zj) + V,Ki(u, p)) + ———(Ki(u, r) - VK(ur))+—
Vi (x/ u) a; (x/ 1)
+ BiClaa (= V(i) — u"v;) = V,Gi(u, p)) — ,Bil;(ci(”r ) ="V, Gi(u,r))
v; (x,u)
lp}d}(x, )
+,Bz —Olll(x, u) . (26)

Adding the inequalities (25) and (26) over their ranges after multiplying (25) by u;(u; > 0) and (26) by
Ai(Ai>0),i=1,2,..,k j=1,2,..,m, we have

k
Z al(): " (fix) + x"zi = Bi(gi(x) — x" o)) = (fiw) + u"z; — Bilgi(u) — u"vy)))
i=1
Y -
2(x )( ( ](u)"'u w]))
j=1

k
Z AilCawy(V(fi(u) + u zl) + VpKi(u,p)) + BiCiouy(=V(gi(u) — u'v; i) — VpGi(u, p))]
i=1

k A,

e u)(Ki(M, r) = 'V, Ki(u,r) — Bi(Gi(u,r) - TV, Giu, 7))
i=1 /i
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k m
2 i ll(;(z) )(1 +B)+ Y 1Can (V) + uTw)) + VgHi(u, )
=1 j=1
: WP (x, 1)
+Z (’;’u)( ,8) — sVH(us)+Z](T. 27)
j=1 j=1 ]

Using (iii) and taking 7 = Z;‘:l A1+ Bi) + L j=1 Hj, s0T > 0, divide the equation by 7 and using convexity
of C

K
Z (fz(x ) +x7zi = Bi(gix) — xT0) = (filw) + u"zi — Bi(gi(u) — u'v)))
i=1 i xou
T,
+]Z 5 oy ) + )
L&
>Cs, u)[; Z /\i(V(ﬁ(u) +u'z) + V,Ki(u, p) = BiV(gi(u) — u"v;) = BiV,Gi(, P))
i=1
1 m m ‘,l
‘e ; (V) + uTw)) + Y, H o, q))] Z o (Hi(u,5) — sV, H (1, 9))
k
Z ( i, 1) = 'V Kiut, 7) = Bi(Gi(w, 1) = 17V, Gi(w, ). (28)
=
Using (17), hypothes1s (iv) and the fact that Cy,,)(0) = 0, the last inequality yields
k
L Tatx, u)(fz(x) +x"z; = Bi(gilx) — x"vp)) >

i=

1 m
Tb(x, Ll) Z‘ Mj(Hj(u, s) — STVSH]‘(L[, s)) + m Z ‘U]((h](u) " uij))

T, u)ZA (fiu) +u"zi = Bi(gi(u) — uTvy)) + Z/\(K 1)
-V, Ki(u,7) - Bi(Gi(u, 1) — IV, Gi(u, 1))). 29)
Finally using the dual feasibility conditions (18) and (19), the equation (29) becomes

k

IZ‘ a(x, u) (fix) + x"zi = Bilgi(x) — x"v))) 2 0,

which contradicts (22). Hence the result. [

Theorem 4.2. Let x € X° and (u, B, A, 1,z,0,w,p,q,1,5) be feasible solutions of (MFP) and (MFD) respectively.
Suppose that

1) (f(-) + )Tz = B(g() = (VT0), h(:) + (-)Tw) is higher order (C,a,y, p, d) type-1 with respect to (K — BG), p, r and
H, g, s respectively

Aipld!(x,u) m P/Pzdz(x 1)

. k ip;a; (X,
(ll) Zi:l a}(x,u) + Z] 1 2(x 0 >0

(iii) a}(x,u) = yi(x,u) = a(x, u) and az(x u) = ](x u) = b(x, u)

Then the following can not hold
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ﬁ(x) J_r 5(x|Ci‘) <5,
gi(x) = S(xID;)

fr(x) + S(ICy)
gr(x) - 5(x|Dy)

Proof Tt follows on the lines of Theorem 4.1. [

foralli=1,2,..,k,
(30)
< B forsomer=1,2,..,k.

Theorem 4.3. (Strong Duality Theorem) If u is an efficient solution of (MFP) and let Slater’s constraint qualifi-
cation is satisfied on X. Also if

Hj(u,0) =0, VsH;j(u,0) =0, V,H;(u,0) =0,

Ki(u, 0) = 0, VPKI'(M, 0) = 0, VVK,‘(M, 0) = 0,

Gi(u,0) =0, V,Gi(u,0) =0, V,Gi(u,0) = 0.
Then A1 >0, AeRF, peR", u>0,$>0, eRF, zeR", veR", we R", such that (u,B, A, 1, z,0,w,p =
0,9 =0,r =0,s = 0) is a feasible solution of (MFD) and corresponding values of the objective functions are equal.
Further if, the conditions of weak duality theorem hold for all feasible solutions of (MFP) and each feasible solution
w,p AN,wz,o,w,p,q,v,s") of (MFD) then (u,B, A, u,z,v,w,p = 0,9 =0,r = 0,5 = 0) is an efficient solution
of (MFD).

Proof If u is an efficient solution of (MFP) and Slater’s constraint qualification is satisfied on X then the
Theorem [3.2] gives that 3 A € R%, peR", z; € R", v; € R", w; € R", such that

k
Y AV) +u"z) = BV (giw) — u"v)

i=1

+ Z wiV(hiw) +uTw)) = 0, (31)
fiw) + uT]j ~ Bilgi(u) — u'v;) = 0, (32)
Zm“ wi(hiu) + u'w)) =0, (33)
:lei = Su|Cy), u'v; = SuID;), u"w; = S(ulE)), (34)

z; € C, v €D; w; € Ej,

Ai>0, >0,  i=12.k j=12,.,m (35)

So we have (1,8, A, 1, z,0,w,p = 0,4 = 0,r = 0,5 = 0) as a feasible solution of (MFD). Due to (32) and (34)
the objective values of both programs are equal.
Now we claim that (1,5, A, u,z,0,w,p = 0,4 = 0,7 = 0,s = 0) is efficient solution of (MFD).
If not, then d some (v', ', A", ', z',v',w’,p’,q’,v',s") such that,

B<Pp.
But this contradicts weak duality theorem. Hence (1,3, A, u,z,v,w,p = 0,9 = 0,7 = 0,5 = 0) is an efficient
solution of (MFD). O

Theorem 4.4. (Strict Converse Duality Theorem) Let x be an efficient solution of (MFP) and (u,B, A, u,z,v,w,p, q,1,5)
be an efficient solution of (MFD). Suppose that:

i) (f()+() Tz h()+(-)Tw) is higher order strictly (C, a, y, p, d) type-1 with respect to K, p, r and H, q, s respectively,

(i) (—(g9¢) = ()T0), h(-) + (-)Tw) is higher order strictly (C,a, 7y, p,d) type-1 with respect to —G,p,r and H,q,s
respectively,



(i) YX,
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/\,'p}di1 (x,u)

2d2
peiden
a}(x, u)

wm)"

1T+p)+ L5

(iv) a}(x,u) = y}(x,u) = a(x,u) and ajz.(x, u) = y}z,(x, u) = b(x, u),

(v) fl(x)""x Zj < Bi.

gi(x) = xTo; ~

Then x = u.

Proof Suppose x # u. Then due to hypotheses (i) and (ii) we have

fitx) + x"zi = (fi(w) + u"z)

> Clay(V(fi(u) + uTzi) + V,Ki(u, p))+

a}(x, u)
Tl (x,
L i) - VK, ) + 2D g
Vi (x, u) a; (2, 1)
—(gi(x) — x" 0 = (g:(u) — u"vy))
2 T g > Cluun(=V(giu) — u"v7) = V,Gi(u, p))+
a; (x, u)
T pid; (x 1)
G, 1) = ViGi(w, 1) + —/——  (37)
y;(x,u) aj (x,u)
—(hi(u) + uTw;)
> Cle(V(hj(u0) + 1 wy) + VyHj(u, )+
a; (x,u)
22
pids(x, u)
%(Hj(u,s) —s"VH;(u,5)) + —5——  (38)
Vi (x,u) a; (x, u)
Following the similar manner as in Theorem 4.1 we are left with
k
Ai T
ZLMMMﬁ@+xz Bilgi(x) —x"v) > 0. (39)
It follows from hypothesis (v) that
filx) + x7z; <B,
gi(x) — xTv;
which further imply that
Z Ai(fi(x) + xTzi = Bilgi(x) — xTv;)) <0 for A; >0, (40)

contradlctmg (39). Hence x =u. O
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