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Expert soft sets on nearness approximation space

Hatice Tasbozan®*, Merve Duran®
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Abstract. Expert near soft set concept with near set features added to the set of introduced experts.
Features may be restricted in this new set and the basic features of the set can be examined according to the
opinions of the relevant people. This will allow us to choose the most suitable object among many objects.
This new idea can be illustrated with real-life examples. Here, an expert opinion that can combine expert
set and near soft set models facilitates decision making when appropriate. Here, by restricting the objects,
the views of all experts can be learned in a single model. In this model, the object with the desired result
is obtained with the most optimal selection. In any operation to be made on our model and after, the user
can learn the opinions of all experts. So, in this study, we will define the near soft expert set concept.

1. Introduction

The models used for each uncertainty problem are different from each other. For this, different set
concepts have been created. With the help of objects and features on these objects, Pawlak [1] first presented
the notion of rough set and then Peters [2, 3] presented the concept of near set, in which he examined sets
close to each other with these features. Another set, the soft set, was created by Molodtsov [4] and has
been studied by many people both in practice and in theory [4-7]. Feng and Li [8], on the other hand,
established a new notion by integrating the concepts of soft set and near set. Similarly, Tasbozan [9]
combined the concepts of near and soft set. These concepts have been developed and produced in the
topology [10, 11]. Engineering, medical science, economics, environment etc. most of the problems in
Molodtsov [4] advertised the notion of soft set theory, which is a mathematical means because it has
various uncertainties. Later, soft sets and their applications are described by Maji [5]. With this theory
especially in medical diagnosis, researchers have used their theories to solve some models. However, when
an expert opinion that can combine most of these models is considered, the concept of expert soft set[12]
has been reached. This definition was formed by using the common opinions of survey users or experts. In
this model, the views of all experts can be seen together. It can use this to find our selections conveniently in
the application by restricting objects and properties. With this model, it obtains the most suitable object that
has the desired result. So in this article, introducing a near soft expert set concept that we think will be more
effective. At last, we give the implementation of this concept to real-life problems in the decision-making
period with the help of tables so that it can be seen more clearly.
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2. Preliminary

2.1. Soft Sets, Near Soft Sets, Soft Expert Set

Let O be an objects set, ¥ be a set of parameters that define properties on objects and $(0) denotes the
power set of O.

Definition 2.1. Let F : B — P(O) where B C F, then (F, B) is a soft set (5S) over O [6].

Definition 2.2. Let NAS = (O, F, ~pr, Ny, Un,) be a nearness approximation space, B be a non-empty subsets of F
and (F, B) be a SS over O. Then

N,((F, B)) = (N»(F(k) = U{x € O : [x]g, C F(k)}, B))

and

N((F,B)) = (N;(F(k) = U{x € O : [x]g- N F(k) # 0}, B))

are lower and upper near approximation operators. The SS N,((F, B)) with

Bnd, ) ((F, B)) > 0
called a near soft set(NSS) [9].

Definition 2.3. Let U be an universe set, E be a set of parameters, X a set of experts and O be a set of opinions,
Z =ExXxXxOand A C Z. A pair (F,A) is called a soft expert set over U, where F is a mapping given by
F: A — P(U). For the sake of convenience, let’s assume that there are only two views in this study: O, that is
O = {0 = disagree, 1 = agree} [12].

3. Near Soft Expert Set

In this section, we introduce the notion of a near soft expert set and will practice by giving an example.
Definition 3.1. Let O be an objects set, E be a set of parameters, K a set of experts and T be a set of opinions,
Z =EXKxTand B C Z. og = (F,B)g be a soft expert set where F is a mapping given by F : B — $(O), where

P(O) denotes the power set of O. Then, for X CO,BCE,K=1{keK:i=1,2,..,n}, T ={t; : i = 0 = disagree or
i =1 = agree},

NSE+(op) = NSE~((F,B)) = NSE,*(B)(X)
= U{x € O : [x]Br,k, = F(¢i/ ki/ tl) c X}/
NSEX(0g) = NSEX((E B)) = NSEX(B)(X) = Ulx € O : [xlgs, N X # 0}

where all ¢ € B, k; € K are called the lower and upper near soft expert approximation operators on soft expert sets
respectively.

If Bndwse,s)((F, B)) > 0 then the o soft expert set is called a near soft expert set or o is called a soft
expert set on nearness approximation space.

For B = {¢1(x), p2(x)}, F : B = P(0),

F(¢i, ki, 1) = {x € O : ¢j(x) is true,i = 1,2},

onse(X) (F, B)nse(X)
(((¢i, ki, 1)., NSE1+(B)(X)), ((¢i, ki, 1)", NSE}(B)(X)), ((¢i, ki, 0),

NSEo«(B)(X)), (i, ki, 0)", NSE((B)(X)))

is a near soft expert set.
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Example 3.2. Presume a company needs some people for the job and wants to get the opinion of some experts

about these people. Let O = {y1,Y2, Y3, Ya, Yslbe a five person and B = {¢p1, P2} € F = {1, P2, Pz, Ps} be a
set of parameters, where @1, P2, P3, P4 stand for hard working, creative, succesful and well dressed, respectively.
X =1{y2,y3,y5} S {y1, Y2, Y3, Y4, y5}, K = {p, q} are experts and T = {0 = disagree, 1 = agree} are opinions.

For instance, the company has distributed a questionnaire to two experts to make decisions on five
persons and we gain the following:

F(p1,p, 1) = Ay, y2,va), F(P1,9,1) = {y1, Ya, ys),
F(p2,p, 1) = Ays, ysh, F(d2,9,1) = {y1,y3, Y4, ys),
F(ps,p,1) = {ys,ya Y5}, F(P3,9,1) = {y3, ya, ys},
F(ps,p, 1) = Anh F(@s,q,1) = {y1, ya, ys}

and

F(@1,p,0) = {ys}, F(¢1,9,0) = {y2, v},
F(¢2,7,0) = {y1,¥2, Y4}, F(P2,9,0) = {12},
F(ps,p,0) = {y1,y2}, F(¢3,9,0) = {y1, y2},
F(¢s,p,0) = {y2,¥3, Y4, Y5}, F(P4,9,0) = {y2, y3}.

Next, we can see that the soft expert set (F, Z) is formed as follows:

(FZ2) = {((P1,p, 1), Ay, y2, ya}), (D1, 9, 1), {y1, ya, ys}), (P2, p, 1), {y3, ys}),
(2,9, V), {y1, y3, 4, y5D), (P, 2, 1), {y3, ya, ys}),
(93,9, 1),{y3, y4, y5}), ((Pa, p, 1), {y1}), (P4, 9, 1), {1, 4, ys}),
((¢1,p,0),{ys}), (P1,4,0), {y2, y3}), (P2, p, 0), {y1, y2, yab),
((92,9,0),{y2}), ((¢3,p, 0), {y1, y2}), ((P3, 9, 0), {y1, y2}),
((¢4,p,0),{y2, y3, ya, ys}), (P4, 4, 0), {y2, y3 )}

For expert p;
il = Ay1,yv2, yab [ysligpor = {y3, ysl,
[aligopy = Ays ysh [yiligapo = {y1, y2, val
and for expert g;
ilisngy = v, ya ysh W2liengo = v2, y3h
[yl]{qsz,q,l} = {y1,y3, Ya, y5}, [yzl{(pz,q,m = {]/2},
[slipopy = F(@i ki, 1) ={ys,ys} € X = {y2, y3,ys5},
then
NSE1#(B)(X) = {y3, ys}.
[y3]{¢2/p/1} NX#0
and
[yl py N X #0,
then

NSE;(B)(X) = O.
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[y3ligop.00 = F(Pi, ki, 0) = {ys, ys} € X = {y2, y3,y5}
and

[yaligrq00 = (v2, y3} € X, [Y2ligng0 = {y2} € X,
then

NSEO*(B)(X) = ((¢1/ p, 0)*/ {]/3/ .‘/5})/ (((Pl/ q, 0)*/ {]/2/ y3})/ ((¢2/ q, O)*/ {yZ})

[]/1]{@,;7,0} = {]/1/ ]/2/ ]/4} m X 71: @,
then

NSE{(B)(X) = O.
Therefore

ONSE = (F/ B)NSE(X) = (((((PZ/ p, 1)*/ {y?)/ ]/5})/ ((¢1/ p, 1)*1 O))r
(((¢1/ P, 0)*/ {]/3/ ]/5})/ ((le, q, 0)*/ {]/2, ]/3})/ ((¢2/ q, 0)*/ {]/2})/ ((¢2/ p, 0)*/ 0))
is a near soft expert set (NSES).
We can see that in this example the first expert, p, “agrees” that the “hard working” persons are {y1, y2, Y4}

and the second one, g, “agrees” that the “hard working” persons are {y1, y4, ¥5}. Notice that all of them
“agree” that persons {11, y4} is “hard working ”.

Definition 3.3. Let (F, A)nse and (G, B)nse be a NSES over O, if

1. ACB,

2. F($) € G(¢9), Yo € B,
3. For N.(0) = NSE+((E, A))(X)of a set (F, A)nse and N.(u) = NSE»+((G, B))(X) of a set (G, B)nse, N.(0) €

N.(u)
then NSE,»((F, A)) is a near soft expert subset of NSE,+((G, B)) and denoted by NSE,*((F, A)) € NSE,*((G, B)).

Definition 3.4. If NSE,+((F, A)) is a near soft expert subset of NSE,+((G, B)) and NSE,+((G, B)) is a near soft expert
subset of NSE,*((F, A)) then NSE,+((F, A)) and NSE,*((G, B)) are equal near soft expert sets over O.

Definition 3.5. Let E be a set of parameters and K be a set of experts. The NOT set of Z = E X K X Tdenoted by 1Z,
is defined by 12 = {(Te;, ki, 01), Vi, j, I} where Te; is not e;.

Definition 3.6. The complement of a near soft expert set (F, A)nsk is denoted by (E, A)
(F¢,1A) where F° : TA — P(U) is a mapping given by Fe(¢p) = O — FI(9)).

Ssp and is defined by (F, A)sop =

Definition 3.7. An agree-near soft expert set (F, A)1 nse over O is a near soft expert subset of (F, A)nse defined as
follows:

(F A)inse = {F1(§) : ¢ € Ex Kx {1}}.

Definition 3.8. A disagree-near soft expert set (F, A)o nse over O is a near soft expert subset of (F, A)nsg defined as
follows:

(F, A)onse = {Fo(¢) : ¢ € EX KX {0}}.
Definition 3.9. If (F, A)nsg is a near soft expert set over O, then

((FIA)C);]SE = (F/ A)NSEI
(F/A)i NSE — (F, A)onsE,
(FEAgnse = (FEA)NsE-

The proof is straightforward.
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Definition 3.10. The union of two near soft expert sets (F, A)nse and (G, B)nsg over O denoted by (F, A)nsg U
(G, B)nsk , is the near soft expert set (H, C)nsg where C = AU B, and for all ¢ € C

F(®), ifp € A—B
fﬂ@={ G(¢), ifp €B-A
F@)UG), fp €BNA

(F,A)nse, if p€e A= B
(H, C)nse = (G,B)nse, fp e B-A
(F, A)nse U (G, B)nse, if p € BN A

and also NSE,+((E, A)) # 0, NSE,+((G, B)) # 0, NSE,+((H, C)) # 0.

Definition 3.11. The intersection of two near soft expert sets (F, A)nse and (G, B)nsg over O denoted by (F, A)nse N
(G, B)nsk , is the near soft expert set (H, C)nsg where C = AU B, and for all p € C

F(), ifp € A—B
H¢)={ G() fpcB-A
F@)UG(), ifp€BNA

(FA)nse, fp € A—B
(H,O)nsE = (G, B)NsE, lf¢ eB-A
(EA)Nse N (G, B)nse, ifp € BNA

and also NSE,+((F, A)) # 0, NSE,*((G, B)) # 0, NSE,»((H, C)) # 0.

3.1. Application of Near Soft Expert Sets

In this part, we will use the notion of near soft expert and we form an application of near soft expert
set theory in a problem.

Example 3.12. Presume a company needs some people for the job and for these people the opinions of experts are
wanted. Let O = {y1, Y2, Y3, Ya, Y5} be a five person and B = {¢p1, P2} € F = {P1, P2, O3, P4} be a set of parameters,
where @1, $p, O3, P4 stand for hard working, creative, successful and well dressed, respectively. X = {y», Y3, Y5} C
{y1, 2, v3, ¥4, ys}, K = {p, q} are experts and T = {0 = disagree, 1 = agree} are opinions.

Suppose that the company has distributed a questionnaire to two experts to make decisions on five
persons and we get the following;:

F(le/P/ 1) = {yll Y2, ]/4},F((Z)1, q, 1) = {]/1/ Y4, y5}/
F(¢2,p,1) = Ays,ys), F(P2,q,1) = {y1, y3, ya, Y5},
F(ps,p,1) = A{y3,ya,ys5}, F(P3,9,1) = {y3, ya, ys},
F(¢4rpr 1) = {}/1}, F(¢4/ q, 1) = {]/1/ Ya, y5}

and
F((Plrpr O) = ]/B}z F(¢1/ 5]/ O) = {'}/2/ y3}/

F(¢s,p,0) = {y1,y2}, F(¢3,9,0) = {y1, 2},
F(ps,p,0) = {y2,¥3, Ya, ys}, F(Ps,q,0) = {y2, y3}.

Now, suppose that we want to select a person with respect to B = {¢1, P2} € F = {1, P2, P3, pa}. We will
construct table given by;

{

F(@Z/P/O) = {_1/1/ Y2, ]/4}/F(¢2/ ‘7/0) = {]/2}/
{
{
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((Pl/ P)
(¢P2,p)
(3, p)
(P4, p)
(¢1,9)
((PZ/ 0])
((P3/ ‘J)
(P4, 9)

For X = {y,, y3,y5} and B = {¢1, ¢}, we will construct table: where

[ e R S G S G S G Bl e R Y (O
OO OO O OO RS
O = = OO o
—_ = O O R
O = I = W S ] (€

[3ligop1) = F(Pi ki, 1) = {ys, ys} € X = {y2, y3,y5}.

For expert p;
1liopy = Av1,y2,y4b [Y3liop0) = {ya, ys),
aligopy = Ay ysh [yiligopo = {y1, y2, yal

and for expert g;

Wil = vy ya ysh [y2ligogo = (v2, y3),

Wilingn = (Y1 Y3, Y0, ysh [Waligao = {y2),
[aligzprr = F(@iki, 1) =y, 5} € X = {y2, y3,y5),
then
NSE1#(B)(X) = {y3, ys}-
[y3ligpy N X # 0
and
[y1ligpy N X # 0,
then
NSE;(B)(X) = O.
[Ysligapor = F(i, ki, 0) = {ys, ys} € X = {y2, y5,ys}
and
[]/2]@1,!],0} = {]/2/ yS} Cc X, [yZ]{(Pz,q,O} = {y2} C X’
then
NSEO*(B)(X) = (((pl/ p, O)*/ {]/3/ y5})/ ((¢1, q, 0)*, {yZ, y3}), ((¢2, q, 0)*’ {yZ})
[1ligapor = (Y1, y2, ¥} N X £ 0,
then

NSE}(B)(X) = O.

2542
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Therefore

ONSE = (F/ B)NSE(X) = (((((PZ/ p, 1)*/ {y3/ y5})l (((Plr p, 1)*/ O))r
((((Pl/ p, 0)*/ {VS/ ]/5})/ ((¢1/ 4q, 0)*/ {]/2/ ]/3})/ ((@2/ q, 0)*/ {]/2})/ (((PZ/ p, 0)*, 0))

is a near soft expert set (NSES).
Let’s show the agree equivalence class, which is in X in the agree near soft expert set, with 1.

—
—

agree
((Pl/ P)
(¢2,p)
(P3,p)
(P4, p)
(¢1,9)
((PZ/ 0])
((P3/ ‘7)
(P4, 9)
cj=Xlyjl

vil [yl [ysl [yal  [ys]

SO OO OO O OO
SO OO OO O OO

0 0 0
1 0 1
0 0 0
0 0 0
0 0 0
0 0 0
0 0 0
0 0 0
1 0 1

Let’s show the disagree equivalence class, which is in X in the disagree near soft expert set, with 1.

disagree | [y1] [y2] [vs]l [ya] [ys]
(p1,p) 0
(¢2,p) 0
(3, p) 0
(Pa, p) 0
($1,9) 0
0
0
0
0

($2,9)
(¢3/ 0])
(¢4,9)

0
0
0
0
1
1
0
1
pi=Llyjl 3

1 0 1
0 0 0
0 0 0
0 0 0
1 0 0
0 0 0
0 0 0
1 0 0
3 0 1

If we combine algorithm to make an optimal choice object we need c; = } [y;] for agree NSES, p; = }.[y;]
for disagree NSES and s; = ¢; — p;.Then find m , for which s,, = maxs;. If m has more than one value, any of
these can be selected.Now we get the following table;

decision | 2 ys ys
Cj 0 1 1

pij 3 3 1
si=c¢j—pj| -3 -2 0

Then max s; = ys is the optimal person for ¢; and ¢, features.

4. Conclusions

In order to find the one with the properties we want among the many objects given in this study, we
reached the notion of near soft sets, which we obtained that have properties near to each other, with a
bipolar approach. The concept of bipolar near soft set enabled us to see more clearly what we want, namely
the practice of choosing the best products. It reduced the features so we could choose what we needed. We
aim to obtain similar examples according to the definitions we will find in future studies.
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